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ABSTRACT
Currently digital markets emerge where cloud resources are
traded in the form of computational services. Usually the so
called supermarket approach is applied on these service mar-
kets, where consumers buy offered services from providers
based on fixed functional and non-functional characteristics
without negotiations. However, bilateral multi round ne-
gotiation, which allows to customize the traded services, is
considered as a promising improvement to the static super-
market approach aiming for higher market efficiency.

In this paper we introduce a novel generic service market
ecosystem from which requirements for bilateral negotiation
strategies are derived. Evaluating a survey on published bi-
lateral negotiation strategies along these requirements shows
that important market elements are not considered in cur-
rent research. Most of the published bilateral negotiation
strategies are focusing on a single negotiation phases only
neglecting the complete negotiation process. Hence we clas-
sify the identified strategies along the different phases of the
generic negotiation process. Based on our analysis we iden-
tify two different groups in their scientific approach: One
group assumes complete information during bilateral nego-
tiations while the other group assumes incomplete informa-
tion.

CCS Concepts
•H.3.4 Systems and Software→Distributed systems;
•H.4.3 Communications Applications → Negotiations;
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Bilateral SLA Negotiation, Cloud Markets, Cloud SLA

1. INTRODUCTION
A digital market consists of providers, supplying cloud re-

sources, and consumers, demanding these resources in the
form of services. Today the dominant approach used for
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Figure 1: Bilateral SLA negotiation

trading services on these markets is the so called supermar-
ket approach [42]. Thereby consumers can choose between
predefined offered services. The supermarket approach is
called the take-it or leave-it approach as the offered services
are not negotiated but chosen based on fitting functional and
non-functional characteristics. More dynamic approaches
for trading services become business reality, e.g. Amazons
EC2 spot market [2]. The EC2 spot market is a typical ex-
ample of an Infrastructure as a Service (IaaS) market: Con-
sumers can bid for virtual machines (VM) instances. The
higher their bid the higher is the chance of getting the VM
instance. If the bid is too low the consumer does not get the
VM instance. Thus, new research [10, 38] postulates that
bilateral negotiations have the potential to replace current
existing approaches used for trading services. During a bilat-
eral negotiation a consumer and a provider exchange offers
in which services are described in the form of SLAs fostering
Quality of Service attributes [41]. Hence such negotiations
are called SLA negotiations. The negotiation terminates if
consumer and provider either form an agreement or reject
all offers. As consumers as well as providers are able to
create and modify offers bilateral SLA negotiations are con-
sidered to be more flexible than the supermarket approach
or auctions [38]. Consumer and provider can run multiple
bilateral negotiations at the same time as the example in
figure 1 shows: Each of the m consumers negotiates with
n providers in parallel and vice versa. During a bilateral
negotiation the offers are exchanged in an alternating way.
For example a consumer sends offers to a provider which
responds with counteroffers to which the consumer can re-
spond again leading to a multi round negotiation. The term
offer is used for the first exchanged offer (initial offer) in a
negotiation as well as for counteroffers. Counteroffer are sent
in response to received offers. During negotiation all partic-
ipants use negotiation strategies to maximize their utilities.
For better readability of this paper we use the term bilateral
negotiation strategy instead of multi round bilateral SLA
negotiation strategy.

SLA lifecylces as illustrated in figure 2 show the most



Figure 2: SLA lifecycle based on [10]

important phases of SLAs from service discovery to decom-
missioning. SLA negotiation is a separate step in all SLA
lifecylces we found [27, 10, 9, 19]. This is because full au-
tonomous SLA negotiation is a non trivial task. Indeed,
according to [43] and [9] SLA negotiation is the most com-
plex task of the SLA lifecycle. The authors of [9] consider
negotiation of SLAs as the bottleneck of the SLA lifecycle
because this step still requires human intervention making
the negotiation time consuming.

This paper introduces a classification of autonomous bi-
lateral cloud SLA negotiation strategies preventing the need
of human intervention and therefore enabling a fully auto-
mated execution of the SLA lifecycle.

Our current research project focuses on economical prin-
ciples of cloud computing. We started our project with the
introduction of a generic negotiation environment for cloud
SLAs. Afterwards we did an informal survey on possible
bilateral negotiation strategies which we could use in our
generic negotiation environment. Thereby we identified two
relevant survey papers: (i) The survey introduced in [27]
has a very broad focus. It distinguishes between negotia-
tion protocols, pricing plans, negotiation styles and nego-
tiation strategies. The relevant negotiation section distin-
guishes between three negotiation strategies: ”utility func-
tions”, ”tradeoff strategies” and ”concession strategies”. The
survey only mentions these three types of negotiation strate-
gies without considering other publications. Hence the pa-
per can be considered as a summary of well known concepts
but it does not provide a state of the art analysis. (ii) An
ACM Computing survey paper focusing on renegotiation in
service level agreement was published in [17]. The paper is
a general survey on cloud based systems and how they ad-
dressed SLA management. For example the authors of the
paper have referenced our generic negotiation environment
published in [29]. The survey also mentions concrete SLA
strategies however the scope of the survey is far boarder
which reduces the of level detail at which SLA negotiation
strategies were analysed. For example the survey does not
distinguish between papers e.g. describing a negotiation pro-
tocol and papers describing methods for offer generation.
Hence the introduced classification is limited as the authors
them self mention in the discussion section.

There are a lot of papers describing bilateral negotiation
strategies but a paper structuring and comparing the ap-
proaches is missing. Hence we did a survey with a special
focus on bilateral negotiation strategies. The main contri-
butions of this paper are:

• A classification of latest bilateral negotiation strategies
along the four dimensions (i) Economical Foundation
(ii) Negotiation Phase (iii) Heuristic Techniques and
Statistical Methods and (iv) System Environment.

• The introduction of a cloud market ecosystem in sec-
tion 3. From this market ecosystem we derived re-
quirements for bilateral negotiation strategies. These
requirements are the basis for the economical evalua-

tion of bilateral negotiation strategies which is required
for the classification along the dimension economical
foundation.

The remainder of the paper is structured as follows. In
section 2 we describe the used sources as well as our meth-
ods. A classification of the bilateral negotiation strategies
from an economical point of view was done in section 3. In
section 4 the bilateral negotiation strategies are classified
along the negotiation phases of a generic negotiation pro-
cess. Section 5 groups negotiation strategies according to
the used techniques and statistical methods. An overview
of the used frameworks for implementing the negotiation
strategies is presented in section 6. This section is followed
by a discussion in section 7. The paper is closed with a
conclusion.

2. SCOPE AND METHODS
Before starting the survey we defined the scope (sources)

and the dimensions along which we classified and analysed
bilateral negotiation strategies introduced in relevant pa-
pers.

Relevant papers are papers describing bilateral negoti-
ation strategies in the cloud domain. We identified several
papers describing generic (non cloud specific) bilateral nego-
tiation strategies. In our survey we considered these papers
if the strategies could be used in the cloud domain. For our
survey we used two sources:

(i) The ACM computing survey [17] identified several rele-
vant publications analysing SLA negotiation strategies. The
papers of the survey which were relevant for us were also
analysed in this survey. However, we categorized the papers
along other dimensions. Hence this survey and the survey
published in [17] have no redundancies.

(ii) We used Google Scholar to identify further relevant
papers. Therefore we used the keyword ”cloud sla negoti-
ation”. Papers like [11] contain the keyword but have not
been considered in this survey as they are not relevant. Fur-
ther we did not consider papers which were published in
2011 or earlier.

As each paper describes exactly one negotiation strategy
we did the classification in the tables 1-4 on the level of
papers. Hence if we reference to a paper we mean the ne-
gotiation strategy introduced in the referenced paper. We
classified the identified bilateral negotiation strategies along
four dimensions:

Economical Foundation. First we evaluated economi-
cal foundations of current existing bilateral negotiation strate-
gies. Therefore we developed a service market ecosystem
from which we derived economical requirements of service
markets for negotiation strategies. The identified bilateral
negotiation strategies were analysed along these requirements.

Negotiation Phase. Non of the introduced bilateral ne-
gotiation strategies covers the complete negotiation process.
Instead the analysed strategies focus on selected negotiation
phases. We defined a generic negotiation process consisting
of five negotiation phases as shown in figure 3. We classi-
fied the strategies along the phases of the generic negoti-
ation process: (i) There are papers introducing strategies
including new negotiation protocols or extending existing
negotiation protocols. These protocols are the basis for the
communication required during negotiation. (ii) There are
strategies covering mechanisms for evaluating received of-



Figure 3: Generic negotiation process

fers. Evaluation of offers is necessary to find out which of-
fers have the highest utility according to given preferences.
Thus an evaluation is necessary for ranking received offers.
(iii) After evaluating received offers decision making is re-
quired. Strategies describing decision making introduce in-
structions how consumers and providers have to behave dur-
ing negotiation. They describe for example when to accept
or reject offers. In cases offers are neither accepted nor re-
jected counteroffers are created. (iv) Offer generation mech-
anisms are procedures for creating offers which are sent to
the negotiation partner. Therefore usually the preferences
of the negotiation partner are considered during creation of
offers. Offers having a high utility for both, the sender and
the receiver have a high chance of resulting into an agree-
ment. (v) There are also strategies focusing on achieving
optimal equilibriums in negotiation scenarios.

Heuristic Techniques and Statistical Methods. Dur-
ing our initial survey we identified that several bilateral ne-
gotiation strategies were using heuristic techniques as well
as statistical methods. Therefore we analysed the bilateral
negotiation strategies in order to identify widely accepted
heuristic techniques and statistical methods.

System Environment. Finally we analysed the imple-
mentations of the introduced bilateral negotiation strategies.
Our goal was to find out which frameworks are used by the
scientific community for the realization of bilateral negotia-
tion strategies.

3. ECONOMICAL FOUNDATION
For analysing the negotiation strategies from an econom-

ical point of view we developed a cloud market ecosystem
from which we derived economical requirements of service
markets for bilateral negotiation strategies.

A layered architecture of a service market ecosystem which
we developed is proposed in figure 4. This ecosystem is sep-
arated into four layers whereas each layer consists of several
building blocks as summarized in the following itemization.

• A market governs the policies, resource allocation
mechanism and taxes which have to be paid. Further
the market defines penalties determining how much
a market participant has to pay in case of SLA vio-
lations. Constraints determine for example rules for
re-negotiation of SLAs. Providers are usually partic-
ipating in value networks and are elements of value
chains.

• Basically, the stakeholders of a market consist of con-
sumers, providers and intermediates [6]. We call these
roles market participants. Market participants trade
services via SLA agreements.

Providers run an infrastructure for offering different
resources in form of services. Intermediates may com-
pose the already existing services into various prod-
ucts, aggregate dynamically as per consumer demand

or resell the services without running an infrastruc-
ture. Services are used by consumers for executing
business tasks. A novel approach is the introduction
of intermediaris, e.g. a Third Party Trust Manager
[18] that fosters trust among the participating stake-
holders. Two special market participants are the gov-
ernment and the standardization bodies. The gov-
ernment enforces tariffs, quotas, taxes and regulations
whereas the standardization bodies influence the mar-
ket behaviour by building a consensus on standards,
procedures and guidelines. Different service providers
may group together to form value networks and supply
chains.

• Market participants follow a business model describ-
ing how they make profit. Three basic contributing
factors influence a business model [6]: The market po-
sition defines if a market participant is an intermediary
or a service provider. The revenue model describes how
profit is generated. Subscription or sales are two pos-
sible revenue models. The price discrimination model
categorizes business models along their pricing model,
for example loyalty-based pricing.

Business rules define the basic strategic behaviour. Other
factors such as ever changing market dynamics, the
place of the service provider in a supply chain and
the type of the product also play an important role in
defining the business model. A business strategy op-
erationalizes the business model. The 7P’s (Product,
Promotion, Price, Place, People, Process, Physical ev-
idence) used in marketing or extended models such as
described in [6] can be used for describing a strategy.

• The resource allocation in a market is governed by
the allocation principles of efficiency, optimality, so-
cial welfare and equality [32]. Further the results can
be evaluated from an ecological (e.g. energy efficient)
point of view. Resources are Human Capital, Physical
Infrastructure and Energy.

First we identified economical requirements using a top-
down method: We derived the requirements from the service
market ecosystem. In the scope of this paper we focused
on the highest relevant requirements necessary for realiz-
ing bilateral negotiation strategies. For example we have
not considered requirements coping with the market ele-
ments Promotion, Human Capital or Value Networks which
are neither highly relevant during bilateral negotiations nor
considered in any existing bilateral negotiation strategy. In
a second step we derived requirements using a bottom-up
method: Thereby we captured the requirements which have
already been considered in current existing bilateral nego-
tiation strategies. The additional requirements which we
identified using the bottom-up method are Utilization and
Time-Constraint. The following list contains the economical
requirements for bilateral negotiation strategies:

• Utilization. Is the provider strategy able to consider
the current workload of the datacenters? Has the strat-
egy access to a timetable tracing when which resources
are sold?

• Time-Constraint. Does the strategy consider time
restrictions for finding an agreement?



Figure 4: Service market ecosystem

• Business Partner. Does the negotiation strategy dif-
fer between the negotiation partner (for example pre-
mium costumers or non-premium costumers)?

• Cost Model. Does the provider negotiation strategy
consider its cost? Is a cost model in used?

• Energy consumption. Does the strategy consider
energy or other environmental effects?

• Qualified prospects. Does the provider consider the
amount of current negotiations (or negotiations which
will be successful)?

• Business policies. Does the negotiation strategy
consider business policies?

• Penalties. Does the negotiation strategy consider ne-
gotiation of penalties?

• State Intervention. Are regulations or taxes consid-
ered during negotiation? Is the strategy able to handle
different tax systems?

• Intermediates. Does the negotiation consider inter-
mediates? Which negotiation strategies are used for
them and how they are different in comparison to typ-
ical consumer/provider strategies?

In table 1 we evaluated the identified bilateral negotiation
strategies along the economical requirements which we listed
above. A double crossed box means that the paper intro-
ducing the strategy describes on a high level of detail how
the strategy meets the requirement while a single crossed
box means that the requirements is mentioned but not
described in full detail. The papers [14] and [43] describe
bilateral negotiation strategies using game theoretical ap-
proaches focusing on finding equilibriums without meeting
economical requirements. Thus we have not listed them in
the table to save space.

Economical requirements like state intervention, interme-
diates, business policies and business partner have not been
considered yet by current existing bilateral negotiation strate-
gies. This reveals that most of the bilateral negotiation
strategies are neglecting basic economical principles which
are necessary to succeed in reality. The table shows that
most of the strategies are only meeting one economical re-
quirement. Hence no strategy has a deep economical foun-
dation. In the following we describe how the negotiation
strategies meet the requirements shown in table 1. We want

to clarify that the described mechanisms and algorithms are
part of the identified bilateral negotiation strategies.

Utilization. Utilization is the most frequently fulfilled
economical requirement in the analysed bilateral negotiation
strategies. It is only relevant for providers running datacen-
ters. The authors of [10] and [9] consider utilization in the
form of balancing datacenter resources. Imaging a simplified
virtual machine which has the two characteristics RAM and
processing power. If the provider would sell all its RAM in
the form of virtual machines then the provider is unable to
sell the unsold processing power. This is because each con-
sumer buying a virtual machine also requires some RAM.
Hence the authors of [10] and [9] introduced a mechanism
used during negotiations which reduces prices of low used
datacenter resources. This leads to a higher demand of the
low used datacenter resources resulting into balanced data-
center resources.

The authors of [22] have a complete other perspective on
utilization during bilateral negotiation. The authors de-
scribe that providers usually have the problem that they
receive requests for a resource required at a specific time
slot. They mapped the provider’s problem of selecting the
best fitting consumer request to a placement problem which
has to be solved during negotiation. So the provider uses a
schedule where it traces at which time slot which resources
are sold. In [40] the authors consider time slots too. They
have shown that time slot negotiation leads to less SLA vi-
olations than negotiations without considering time slots.
The authors of [16] published a generic SLA negotiation pa-
per considering utilization of bandwidth without introducing
further details. In the negotiation algorithm of [3] the uti-
lization is checked before a request is accepted. However,
they do not use utilization during bilateral negotiations.

Time Constraints. Time constraints during negotiation
are another prominent requirement considered in several ne-
gotiation strategies. Here [44] has introduced a dominant
approach which was reused by [10] and [9]. In [44] consumers
and providers have a predefined maximum and minimum
value of each SLA parameter. We only explain the case
in which the maximum is the preferred value for consumers
and the minimum is the preferred value for providers. At the
start of the negotiation the offers are created. Consumers
create offers using maximum values and providers create of-
fers use minimum values for the SLA parameters. So the
created offers have a high utility value for their senders.
However, each consumer and provider has a time constraint
until an agreement is required. Hence in the subsequently



Table 1: Bilateral negotiation strategies meeting economical requirements

[36] [22] [15] [37] [16] [21] [25] [26] [1] [4] [44] [33] [38] [10] [3] [34] [35] [39] [31] [8] [5] [40] [9]

Utilization
Time-Constraint
Cost Model
Penalties
Qualified-Prospects
Energy consumption

created offers the SLA parameter values are time dependent
decreased (consumer) or increased (provider) until an agree-
ment is formed or the time is elapsed. Exponential func-
tions and polynomial functions define how fast the values of
the SLA parameter are decreased (consumers) or increased
(providers). The authors of [34] use a similar approach: big
concessions are only allowed at the end of negotiation. How-
ever the authors do not describe the usage of functions for
controlling concessions. In [1] a timeout threshold is men-
tioned without a detailed description.

Cost Models. The usage of a cost models is one of
the most important requirements which has to be consid-
ered during negotiation for providers. Without a cost model
providers do not know at which prices they make profit.
Nevertheless our survey reveals that current bilateral nego-
tiation strategies ignore this requirement. This is because
creating a cost model is a complex task. As shown in [30]
creating a cloud cost model requires a lot of information
like energy consumption of hard discs applied in datacen-
ters. Only [38] and [39] consider a cost model on a very
rudimentary way: They estimate the cost structure instead
of deriving it from the datacenter setup. Instead of costs
most of the papers like for example [9] or [22] consider util-
ity values only. This means the provider tries to maximize
its utility which usually implies increasing the price and/or
decreasing the served datacenter resources and obligations.

Penalties. Penalties are a less prominent requirement
for bilateral negotiation strategies than time constraints or
utilization: We found two papers considering penalties: [31]
introduces inter alia policies for selecting which SLAs should
be violated in case of datacenter resource shortages. The au-
thors of [40] used penalties for assessing if time slot based
negotiation is more successful than non time slot based ne-
gotiation. So both papers do not describe how to negoti-
ate penalties and therefore we classified them using a single
crossed box. However their ideas can be used in bilateral
negotiation strategies. The lack of considering penalties as
part of negotiation may result from the position that penal-
ties are predefined and hence not negotiateable.

Qualified Prospects. In parallel negotiations the num-
ber of qualified prospects is a key figure for estimating how
many of the current negotiations will result into agreements.
Hence the number of qualified prospects can significantly in-
fluence a consumers or providers negotiation position. For
example consider a provider which parallely negotiates with
100 consumers for identical SLAs required for the same time
slot in which it can serve at most 10 consumers. The provider
has a strong negotiation position: it can set such a high price
which is not acceptable for 90 costumers. If only 1 consumer
is negotiating with the provider then the provider will not
be able to set such a high price as in the scenario with 100

consumers because the demand is significantly lower.
The authors of [38] and [39] use an utility threshold for ac-

cepting received offers. First offers are evaluate by assigning
utility values to the offers. Offers with an utility exceeding
the threshold are accepted. In [38] and [39] the threshold
is increased if the number of current negotiations increases.
Contrary, if the number of current negotiations decreases
the threshold decreases too. This is probably the simplest
form of considering qualified prospects.

Energy Consumption. Energy consumption is only de-
scribed in [8] and [5]. In [8] the energy view is closely related
to the cost view: The author describes that providers have
to manage the trade-offs between required energy and the
charged price during negotiation. However, this trade-off
was not described in more detail. Hence we used the single
crossed box in this cell. The authors of [5] considered energy
consumption in more details than [8] but the level of detail
is still low. For example they did not explain how the energy
estimation is calculated which is used in their algorithm.

Table 1 shows that only the economical requirements like
utilization and time constraints can be considered as well
established in bilateral negotiation strategies.

4. NEGOTIATION PHASES
In this section we classified the identified bilateral negotia-

tion strategies along the negotiation phases of the generic ne-
gotiation process which is shown in figure 3. As already de-
scribed non of the bilateral negotiation strategies covers all
negotiation phases. Instead the bilateral negotiation strate-
gies cover selected phases of the negotiation process as the
left part of table 2 shows. During the classification we were
faced with the problem that assigning each strategy to all
negotiation phases it touches would bias the result as sev-
eral papers introducing a negotiation strategy only mention
aspects of negotiation phases without providing fundamen-
tal concepts. Hence, we distinguish between two classifiers:
The first classifier is marked in table 2 with a double crossed
box . This means that these negotiation phases are in the
main focus of the paper introducing the bilateral negotia-
tion strategy. The second classifier which is visualized with
a single crossed box in table 2 shows that the paper in-
troducing the bilateral negotiation strategies describes the
negotiation phase on an low level of detail.

Table 2 shows that all negotiation phases were approx-
imately considered by the same amount of strategies de-
scribed in the papers. The equilibrium phase is an excep-
tion: We introduced this phase for the game theoretical
approaches which focus on finding an equilibrium without
analysing the other phases.

Protocol. Most of the papers describing negotiation strate-
gies without introducing new protocols or extending existing



protocols were using or at least considering to use one of the
three well known negotiation protocols WS-Agreement [42],
FIPA [23] and WSLA [28]. The large number of papers
introducing or extending negotiation protocols could be an
indicator that several scientific groups are not confident with
the current existing negotiation protocols. However, we were
unable to find a common motivation or reason making the
development of new protocols necessary. For example the
authors of [37] create a protocol without considering existing
ones. Their protocol consist of seven sequential phases with
setbacks: initiation, investigation, presentation, evaluation,
decision, agreement and finalizing. Unlike in for example the
WS-Agreement standard the phases are not limited to mes-
sage exchanges. Instead they describe the whole negotiation
process. Contrary, the authors of [1] argue that up to now
none of these specifications is standardized for representing
SLA document, hence has caused integration problems. In [1]
it is stated that existing protocols like WSDL are unable to
express non-functional service requirements. In [33] the au-
thors created a specific protocol for the JADE framework.

Evaluation. All negotiation strategies covering the eval-
uation of offers are mapping preferences to utility functions.
We found no negotiation strategy using an alternative pref-
erence mapping approach like for example the prospect the-
ory [12]. By reviewing the strategies focusing on the evalu-
ation of offers we were able to identify the weighted average
model as the dominant evaluation model: Papers like [4], [38]
or [44] propose to split SLAs up into its parameters. The
utility for each parameter is evaluated independently of the
others. Therefore utility functions are used. The final util-
ity of an SLA represents the weighted sum of the utilities
of the single SLA parameters. This mechanism is shown in
the following equation where i is a SLA parameter: Utotal =∑n

i wi · Ui.
The authors of e.g. [44] and [4] standardize the utility of

each parameter between zero and one. For example if a re-
source parameter of a SLA in an offer represents a maximum
then it has an utility value of 1 for the consumer and 0 for
the provider. This is because the consumer usually wants to
have as much resources as possible and the provider wants
to deliver as less resources as possible. The sum of weights is
one

∑n
i wi = 1 leading to a final utility value between zero

and one. Contrary the authors of [38] use non standardize
utilities and weights. In [38] the authors argue that stan-
dardization is not possible as the minimum and maximum
values of SLA parameters are usually unknown and time
dependent. Further evaluation approaches are suggested
by [15] which proposes a weighted product model and an
analytical hierarchy process.

Decision Making. We have not identified a dominant
approach in the analysed bilateral negotiation strategies for
decision making. For example the authors of [39] use two
thresholds for accepting and rejecting received offers: an ac-
cept threshold and a reject threshold. If the utility of an
offer exceeds the accept threshold then the receiver of that
offer tries to form an agreement. Contrary, if the utility of
an offer is lower than the reject threshold then it is rejected.
Also the authors of [8] use a threshold for deciding if an offer
is accepted. The authors of [10] and [9] use a time dependent
negotiation strategy. Everytime if a participant receives an
offer it creates one or more counteroffers. The creation of a
counteroffer is independent of the received offers. It solely
depends on the time as described in more details in section 3.

After creating the counteroffer its utility is compared to the
utility of the received offer. Thereby the creator of the coun-
teroffer uses its utility function. If the utility of the created
counteroffers is lower than the utility of the received offer
than the offer is accepted. In such cases the counteroffer is
not sent to the negotiation partner.

Offer Generation. In the analysed negotiation strate-
gies we have identified a wide variety of approaches for gen-
erating offers. All strategies which we identified are only able
to create counteroffers (no initial offers) without the strat-
egy described in (ii) in the following itemization. To keep
the classification compact we did not distinguish between
strategies for creating offers and strategies for creating coun-
teroffers. The strategies based on time, statistical methods
and heuristic techniques are described in more detail in sec-
tion 3 (ii) and 5 (iii-v). (i) Probably the simplest approach
for creating counteroffers is introduced in [38]. The authors
assume that received offers usually have a high utility for
their senders. Hence these offers are used as basis for creat-
ing counteroffers. Thereby counteroffers are created by sim-
ply modifying SLA characteristics of the received offer. The
variation is done in such a way that the so created counterof-
fer has higher utility than the received offer for the creator of
the counteroffer. (ii) In [10] offers are created without con-
sidering the negotiation partner or received offers. Instead
only time influences the creation of offers. Also the authors
of [1] mention the usage of time for creating counteroffers.
(iii) The authors of [39] and [36] suggest to use genetic algo-
rithms for creating counteroffers. (iv) The Bayes theorm was
used by papers like [26] or [21]. Thereby the authors tried
to asses the probability that a potential counteroffer gets ac-
cepted. This probability is used for counteroffer generation.
(v) The authors of [8] introduced a particular swarm method
for creating counteroffers considering the utility of sender as
well as the utility of the receiver of the counteroffer.

Equilibrium. The papers [14] and [43] use game theo-
retical approaches for analysing bilateral SLA negotiations.
Both papers neither describe how to create offers nor how
to evaluate received offers. The focus of these papers is
the analysis of negotiation equilibriums to which negotia-
tion participants should agree.

The right part of table 2 shows if the introduced bilateral
negotiation strategy in the paper is useful for consumers and
providers. Most of the papers do not state explicitly if their
strategy is designed for consumers or providers. Hence we
were forced to make this categorization based on an evalua-
tion of the bilateral negotiation strategies described in these
papers.

Several of the analysed papers propose agents or brokers
which can be used by both consumer as well as provider. The
two papers [35] and [3] do not ignore the provider perspec-
tive but have a stronger focus on the consumer perspective.
The paper [31] provides inter alia algorithms for provider for
avoiding high penalties and price maximization. The con-
sumer perspective is completely missing. The paper of [8]
has a strong focus on energy awareness making it more ap-
propriate for providers.

The last column in table 2 shows the used negotiation
protocol. Papers introducing negotiation strategies have not
been considered for the evaluation of this attribute. So we
marked the cells with a ’-’. In several papers the authors
have not mentioned which protocol they used. So we left
these cells empty. In all the other cases we have entered the



used protocol.

5. HEURISTIC TECHNIQUES AND STATIS-
TICAL METHODS

In our survey we identified that the most bilateral nego-
tiation strategies use a well known heuristic technique or
statistical method. We summarized the used techniques in
table 3.

Genetic algorithms and particular swarm optimization are
techniques used for creating counteroffers. Contrary the
Bayes theorem and reinforcement learning were used to es-
timate preferences of the other negotiation partner. Thus,
most of the identified techniques listed in table 2 were used
directly or indirectly for creating counteroffers. For example
the papers [36] [39] and [5] introduce a genetic algorithm.
The papers apply a fitness function which represents the
utility of the consumer as well as the utility of the provider.
So offers with a high fitness value usually have a high utility
for the consumer and provider increasing the chance that
an agreement is formed. Genetic algorithms seem to be a
widely used approach for creating counteroffers in the bilat-
eral negotiation domain.

Contrary to genetic algorithms the Bayes theorem usually
requires priori probabilities. Therefore historical datasets
are used. Based on this historical datasets each sender of a
counteroffer first uses the Bayes theorem for calculating the
probability that the counteroffer is accepted by its receiver.
The authors of the papers [21] [26] [34] [35] use the Bayes
theorem during counteroffer generation. While [21] does not
describe an algorithm how to create counteroffers based on
the Bayes theorm the authors of [26] suggest to create a
ranked list of potential counteroffers where the ranking re-
flects (i) the utility of the counteroffer for the sender (ii) and
the acceptance probability of the receiver of the counteroffer.
It is not described in detail how the ranked list of counterof-
fers is created. In [35] the Bayes theorem for assesing pref-
erences was embedded into a detailed negotiation workflow
which is used in the framework the authors present. The
authors of [34] combine the result from the Bayes theorem
with a time constraint without describing further details. In
our survey we identified the Bayes theorem as the dominant
approach for modelling negotiation partners during bilateral
negotiations. This implies also that the research community
usually assumes imperfect information during negotiation as
we will further describe in the discussion section.

Only one negotiation strategy was using a particular swarm
optimization algorithm for creating counteroffers [8]. Here
each element in the swarm represents an potential counterof-
fer. The wind is the consideration of the negotiation partner
which moves the particles away from the optimal counterof-
fer for the sender of the counteroffer. The basic assumptions
in this paper seem to be identical with the assumptions of
the papers using genetic algorithms: all try to create coun-
teroffers which are of high value for senders as well as for
receivers in order to form agreements.

The reinforcement learning approaches introduced in [16]
[25][34] were used to estimate the utility of counteroffers for
the negotiation partner. For example the authors of [25] use
reinforcement learning algorithms to learn the preferences
of the negotiation partners assuming that the negotiation
partner uses a weighted average model for calculating the
utility of offers.

Game theoretical approaches such as introduced in [14]
and [43] form the last category in table 3. The publications
use game theoretical axioms to find equilibriums. Game
theoretical approaches are contra dictionary in the scientific
community as show in the discussion section of this paper.

Negotiation strategies covering two or more heuristic tech-
niques or statistical methods are rare. Only in [34] the Bayes
theorem was used as well as a reinforcement learning tech-
nique.

6. SYSTEM ENVIRONMENT
In this section we analysed the implementations of the

published bilateral negotiation strategies. Our goal was to
identify widely used frameworks for implementing bilateral
negotiation strategies. Our analysis is summarized in ta-
ble 4. Again we neglected the two papers focusing on game
theoretical approaches.

The categories ”no framework” and ”unkown” are special
cases. If a paper introduces an implementation without
mentioning a specific framework we added this paper to
the category ”no framework”. Examples are [44] or [16]
which are Java based implementations. We assigned papers
which do not describe their implementation of the bilateral
negotiation strategy to the category ”unkown”. During re-
viewing these papers we were (i) unsure if there is an imple-
mentation and/or (ii) if the implementation uses a frame-
work. As you can see in table 4 the category ”unkown”
counts the most publications of all categories. CloudSim
and JADE are the two most popular frameworks in the bi-
lateral SLA negotiation domain. CloudSim [7] is a Java-
based simulation framework which was introduced by the
University of Melbourne. It allows to model and simulate
cloud infrastructures. JADE [24] is an acronym for JAVA
Agent DEvelopment Framework which is a implementation
of the FIPA sepcification. The framework supports the re-
alization of multi-agent systems and is based on the peer
to peer paradigm. The Aspoc and EERM framework are
two special cases as the frameworks were introduced in the
same paper as the bilateral negotiation strategy which we
analysed. (i) The Aspoc framework was introduced in [35].
As the framework seems to be comprehensive and indepen-
dent from the publication we did not move this paper to the
category ”no framework”. Instead we listed Aspoc frame-
work as separated framework. (ii) The EERM (Economi-
cally Enhanced Resource Manager) is a framework imple-
mented by [31]. Similar to Aspoc we considered the EERM
framework as separate framework. The framework GENIUS
was introduced in [20]. It is able to run and analyse negotia-
tion sessions as well as creating agents which are used in the
negotiation sessions. From the papers which we analysed
within this survey it was only used in [34] .

The review reveals that there is no dominate framework
used in the scientific community. While CloudSim, EERM
and Aspoc are cloud specific simulation environments JADE
and GENIUS are generic frameworks (cloud independent).

7. DISCUSSION
In our survey we observed that the scientific community

is split up into two groups. The first group assumes that ne-
gotiation partners do not know the preferences of the other
negotiation partners during bilateral negotiations. Hence
statistical methods and heuristic techniques are used to es-



Table 2: Classification of bilateral negotiation strategies

Negotiation Phase Perspective and Protocol
Protocol Evaluation Decision

Making
Offer Gen-
eration

Equilibrium Provider Consumer Negotiation
Protocol

[36]
[22] FIPA CN
[15] -
[14]
[37] -
[43]
[16]
[21]
[25] -
[26]
[1] -
[4] -
[44] -
[33] -
[38] WS-Agree.
[10]
[3]
[34] -
[35] -
[39] WS-Agree.
[31]
[8] WS-Agree.
[5]
[40]
[9]

Table 3: Techniques used in bilateral negotiation strategies

Technique Publications
Genetic Algorithm [36, 39, 5]
Bayes Theorem [21, 26, 34, 35]
Particular Swarm Optimization [8]
Reinforcement Learning [16, 25, 34]
Game Theory [14, 43]

Table 4: Frameworks for implementing bilateral negotiation
strategies

Framework Publications
CloudSim [38, 39, 9, 10]
JADE [8, 1, 33, 40]
EERM [31]
Aspoc [35]
GENIUS [34]
No Framework [44, 3, 26, 16]
Unkown [5, 4, 21, 15, 22, 36, 37, 25]

timate the unknown preferences and strategies. The second
group is smaller and assumes that preferences as well as
strategies of a negotiation partner are at least known at a
certain degree during negotiation. This group uses game
theoretical approaches for finding equilibriums which the
first group does not consider.

The authors of [44] and [10] are members of the first group
which are sceptical about the usage of game theoretical ap-
proaches applied by the second group. So the authors of [44]
state by citing [13] that game theoretical approaches are not
applicable because in reality preferences of negotiation part-
ners are usually unknown in the bilateral SLA negotiation

domain. Similarly the authors of [10] argue that in game
theoretical approaches negotiation partners need to know
the negotiation strategy of the negotiation partners.

A goal of this paper was to find out how far negotiation
strategies consider market elements of the currently emerg-
ing service markets. Categorizing papers along this dimen-
sion reveals a research gap: Only the requirement time con-
straint as well as utilization are met by some negotiation
strategies. For all other aspects further research is neces-
sary.

The dominance of the Bayes theorem for estimating the
negotiation partners preferences was obvious. For us it is
unclear why no paper has used another heuristic technique
for the estimation of preferences of the negotiation partner
like for example deep learning techniques.

We want to mention that due to the wide variety of used
negotiation strategies in terms of focus and technology it is
difficult to find dimensions for categorizing papers. To fos-
ter comparability we introduced the classification depicted
in table 2 which should help other scientists to get an orien-
tation in the field of bilateral negotiation.

In our survey we have not considered renegotiation strate-
gies which are necessary when a consumer wants to scale up
during using a cloud. The authors of [10] identified two
paradigms for renegotiation when scale up of datacenter re-
sources is required: (i) Negotiation process triggered on
demand when scale-up is required. Here usual bilateral
negotiation strategies can be used as renegotiation strate-
gies. However the authors of [10] state that a new negotia-
tion process takes some time delaying the scale up. Further
a provider may not be able to provide additional resources.
Hence the authors introduced the second paradigm. (ii) Ne-
gotiation process triggered at deployment time be-
fore scaling is required. In this model consumers can



reserve required resources a priori. Here reservation prices
(upfront payment) as well as reservation capacities have to
be negotiated. Hence usual bilateral negotiation strategies
can not be used as renegotiation strategies. Instead they
need to be extended in order to consider these additional
aspects.

8. CONCLUSION
In this paper we introduced a survey on bilateral negotia-

tion strategies. The survey analysed the latest publications
along four dimensions.

By evaluating papers along the first dimension economical
foundation we found out how far economical requirements
of service markets are considered in current existing bilat-
eral negotiation strategies. This evaluation reveals that deep
economical consideration is currently missing. In the sec-
ond dimension negotiation phases we have shown that the
introduced negotiation strategies usually focus on different
negotiation phases which makes comparison more complex.
Further we identified two scientific groups. A group makes
stronger restrictions regarding the required information dur-
ing negotiation. It assumes that for example the preferences
of the other negotiation partners are known (complete in-
formation). Hence this group tries to describe negotiations
using game theoretical approaches. The other group relaxes
the requirement of knowing the preferences and strategies
of the other negotiation partner (incomplete information).
This group applies heuristic techniques as well as statistical
methods for estimating the unknown information during ne-
gotiation. For the third dimension heuristic techniques and
statistical methods we analysed the used knowledge engineer-
ing approaches as well as statistical methods. Here we iden-
tified that genetic algorithms as well as the Bayes therom are
widely used in bilateral negotiation strategies. Other well
known heuristic techniques like deep learning methods have
not been considered yet. The evaluation along the fourth
dimension system environment revealed that CloudSim and
JADE are the most popular frameworks for implementing
bilateral negotiation strategies. However, several papers in-
troduce their own frameworks or implementations without
using an existing framework.

The scientific community has published a lot of different
bilateral negotiation strategies. Further research is neces-
sary especially in the field of applying economical concepts
in negotiation strategies.
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[16] T. Groléat and H. Pouyllau. Distributed inter-domain
SLA negotiation using Reinforcement Learning. In
12th IFIP/IEEE International Symposium on
Integrated Network Management (IM 2011) and
Workshops, pages 33–40. IEEE, 2011.

[17] A. F. M. Hani, I. V. Paputungan, and M. F. Hassan.
Renegotiation in Service Level Agreement
Management for a Cloud-Based System. ACM
Computing Surveys (CSUR), 47(3):51, 2015.

[18] I. U. Haq, R. Alnemr, A. Paschke, E. Schikuta,



H. Boley, and C. Meinel. Distributed trust
management for validating sla choreographies. In
P. Wieder, R. Yahyapour, and W. Ziegler, editors,
Grids and Service-Oriented Architectures for Service
Level Agreements, pages 45–55. Springer US, 2010.

[19] P. Hasselmeyer, H. Mersch, B. Koller, H. N. Quyen,
L. Schubert, and P. Wieder. Implementing an SLA
negotiation framework. In Proceedings of the
eChallenges Conference (e-2007), volume 4, pages
154–161, 2007.

[20] K. Hindriks, C. M. Jonker, S. Kraus, R. Lin, and
D. Tykhonov. Genius: negotiation environment for
heterogeneous agents. In Proceedings of The 8th
International Conference on Autonomous Agents and
Multiagent Systems-Volume 2, pages 1397–1398.
International Foundation for Autonomous Agents and
Multiagent Systems, 2009.

[21] K. Hindriks and D. Tykhonov. Opponent modelling in
automated multi-issue negotiation using bayesian
learning. In Proceedings of the 7th international joint
conference on Autonomous agents and multiagent
systems-Volume 1, pages 331–338. International
Foundation for Autonomous Agents and Multiagent
Systems, 2008.

[22] A. Ismail, J. Yan, and J. Shen. An Offer Generation
Approach to SLA Negotiation Support in Service
Oriented Computing. Serv. Oriented Comput. Appl.,
4(4):71:277–71:289, Dec. 2010.

[23] JADE. Foundation for Intelligent Physical Agents
http://www.fipa.org/.

[24] Jade. Jade Site | Java Agent DEvelopment Framework
http://jade.tilab.com/.

[25] L. Jian. An agent bilateral multi-issue alternate
bidding negotiation protocol based on reinforcement
learning and its application in e-commerce. In
Electronic Commerce and Security, 2008 International
Symposium on, pages 217–220. IEEE, 2008.

[26] R. Y. Lau, Y. Li, D. Song, and R. C. W. Kwok.
Knowledge discovery for adaptive negotiation agents
in e-marketplaces. Decision Support Systems,
45(2):310–323, 2008.

[27] A. Lissy and D. Mukhopadhyay. Negotiation In Cloud
During Service Level Agreement–A Survey.
International Journal of Advance Foundation and
Research in Computer, 1(12):49–58, 2014.

[28] H. Ludwig, A. Keller, A. Dan, R. P. King, and
R. Franck. Web service level agreement (WSLA)
language specification. IBM Corporation, pages
815–824, 2003.

[29] W. Mach and E. Schikuta. A generic negotiation and
re-negotiation framework for consumer-provider
contracting of web services. In Proceedings of the 14th
International Conference on Information Integration
and Web-based Applications & Services, pages
348–351. ACM, 2012.

[30] W. Mach and E. Schikuta. Toward an economic and
energy-aware cloud cost model. Concurrency and
Computation: Practice and Experience,
25(18):2471–2487, 2013.

[31] M. Maćıas and J. Guitart. SLA negotiation and
enforcement policies for revenue maximization and
client classification in cloud providers. Future

Generation Computer Systems, 41:19–31, 2014.

[32] N. Mankiw. Principles of Economics. Cengage
Learning, Jan. 2014.

[33] F. Messina, G. Pappalardo, C. Santoro, D. Rosaci,
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